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Procedure MIS

Begin
Initialize probability vector of each automaton
repeat
/[Phase 1
InitiaNode := Generate a random number between 1 and n (choosing the intial
Node of MIS)

CurrentNode := InitialNode
Disable action ‘CurrentNode’ and all of its ‘neighbors’ in DLA’s automata
//Phase 2
MIS :={}
While Exist enable action
/lchoose next node as a sample realization of active LA action probability
vector, P
NextNode := GetNextNode (CurrentNode )
MIS := MIS + { NextNode }
Disable action ‘NextNode’ and all of its ‘neighbors’ in DLA’s automata
CurrentNode := NextNode
End while
/[Phase 3
compute the cardinality of current MIS
if Current_MIS_Cardinality < Best MIS_Cardinality then
//Reward selected actions of LAs in MIS according to L, , learning algorithm

for each LA in MIS
/I <i> is the selected action of automata <j> in MIS
pi(t+1) = p;(t)+a[l- p;(t)]
p,t+)=(@A-a)p, (t) k=i k=12,..,r
next
end if
/[Phase4
enable all the disabled actions
until (stop condition)
end procedure
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Function GetNextNode(j: Integer)
/'j is the Current Automata
Choose a action as a sample realization of j’s action probability

vector, P’
End function
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Procedure MIS
Begin
Initialize the probability vector of each automaton
repeat

/[Phase 1

InitiaNode := Generate a random number between 1 and n (choosing the intial

Node of MIS)

CurrentNode := InitialNode

Disable action ‘CurrentNode’ and all of its ‘neighbors’ in DLA’s automata

/[Phase 2

MIS :={}

While Exist enable action
/lchoose the next node as a sample realization of active LA modified action
probability vector, P’
NextNode := GetNextNode (CurrentNode )
MIS := MIS + { NextNode }
Disable action ‘NextNode’ and all of its ‘neighbors’ in DLA’s automata
CurrentNode := NextNode

End while

//Phase 3

compute the cardinality of current MIS

if Current_MIS_Cardinality < Best MIS_Cardinality then
//Reward selected actions of LAs in MIS according to L, _, learning algorithm

for each LA in MIS
/I <i> is the selected action of automata <j> in MIS
pi(t+1) = p;(t) +a[l- p;(t)]
p,t+)=(@A-a)p,(t) k=i k=12,..,r
next
end if
/[Phased
enable all the disabled actions
until (stop condition)
end procedure
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Function GetNextNode(j: Integer)
//'j is the Current Automaton




/Imodify Action Probability vector of <j> (P ] ) as:
) ) ] ‘j -1/:\18
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2.[p’ xD (@)
i=1

Choose an action as a sample realization of j’s modified action
probability vector, P"’

Restore the previous value of P!
End function
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